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Basic Idea Results

* Mouse trajectories can be collected ,,for free” in web surveys as * Visualization of results via confusion matrices and selection of

triples of shape (x-pos., y-pos, timestamp)
* Using Deep Learning to detect respondents with ditficulties
- Offering further information/help to improve data quality

The Data

Observed:

Question text

Answer option 1

Answer option 2

performance measures either averaged with equal weights (Mac.) or
welghted by the number of observations per class (Weighted)
Results shown for detault fully connected neural network with 600k
parameters (as baseline) and 2D-CNN with 100k parameters
(because of its success in text recognition and generally image based
rasks)

= Comparison of time series/functional input vs image input

Results fully connected neural network
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* Still challenges that need to be overcome for ditficulty assessment
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